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Knowledge about restaurants 

- Restaurant address/geolocation 

- Menus  

- Dish images 
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Dishes datasets 

- Collected from dianping.com 

- Six cities 

- Restaurants (location, menus, images) 

Scenario: lunch or dinner in a restaurant or 

similar. We have a mobile phone with GPS and 

access to internet. 

 

Problem: recognize a dish from a photo and its 

context = food recognition + context + external 

knowledge 

 

Applications: dietary assessment, food intake, 

eating habits monitoring, annotating features, 

food/restaurant recommendation, social 

networks, … 

Introduction 

Geolocalized models[1] Probabilistic framework[2] 

Experiments 
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Problem: a global classifier ignores the location and solves a very complicated 

problem (all dishes). Filtering the classes during test helps but is suboptimal. 

Optimal classifier: for each query image (and geolocation), select the 

neighboring restaurants and retrain  a classifier only for the candidate classes. 

Advantages: simpler classifier, lower bias, more efficient 

Framework 

However optimal classifier is not feasible in practice. 

Approach: geolocalized models 

Requires to geolocalize not only test, but also training. 

Two strategies[1]: 

- Pairwise models (train) and geolocalized voting (test) 

- Combination of bundled classifiers (CBC) 
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